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Introduction: This talk is about… 
• Indirect self-esteem measure based on Name-Letter Effect  
o Liking for the letters of the own name 
 
• Individual differences in name-letter preference reflect 
differences in those aspects of self-esteem that people… 
o Will not report (because  of social undesirability)  
o Cannot report (because they are non-conscious) 
 
 
Introduction: This talk is not about…. 
• Alleged preference for places, 
people, and activities whose 
names share our initials 
 
• Why does Susie sell seashells 
on the seashore? 
 
• Well, she doesn’t…. 
 
• It’s Mary Anning (1799-1847)  
Aims 
• Examining assumptions underlying popular self-esteem 
measures based on the Name-Letter Effect 
o Algorithms  
o Focus on initials 
 
Correct for self-esteem-
irrelevant determinants  
of letter liking…. 
Letter characteristics 
e.g. frequency, visual 
pattern 
Individual differences 
e.g. response 
tendency, mood 
Overview of algorithms: Hoorens (2014) ERSP 
Assumed: eliminate confounds   better self-esteem measure  
 
Algorithms used to calculate name-letter 
preference scores… 
Focus on initial preferences, based on… 
Observation: 
preference               
initials > non-
initials 
Assumption: 
Reflection of 
self-esteem by                      
initials ≥ non-
initials 
Almost 
exclusive 
focus on 
initials 
Assumed: focuse on initials  better self-esteem measure  
 
Are these assumptions valid? 
Study 1 (Hoorens, 2014) 
 
 
• Compare commonly used algorithms 
 
• Relationship between preferences for initials & non-initials? 
 
• Relationship name-letter preference & explicit self-esteem? 
 
 
Method 
• 342 Dutch-speaking students (282 ♀; 17-29 years)  
o Rated letters of the alphabet on 7-pointsscales 
o Indicated name-letters & initials (4 missing) 
o Filled out Revised self-liking and self-competence scale 
 
• Calculation name-letter preferences: 
o NL-scores for name-letters, initials, non-initials 
o Raw scores + 6 algorithms, of which 2 in this talk: letter 
baseline corrected, individual baseline corrected 
o Scores > 0 = preference for name-letters 
Study 1 
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Study 1 
Stronger for INs than for NINs 
Significant in both cases 
(How well) do algorithms eliminate frequency 
effects (mere exposure)? 
• If they need to do so… 
o Positive correlation raw NL-ratings – NL-frequency 
 
• If they do, then algorithms… 
o Adjusting for letter baselines  should reduce it 
o Adjusting for individual baseline only should not  
 
Correlation liking – frequency 
(rankorders, Broeck, 1988) 
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Not very high  need for correction? 
(How well) do algorithms eliminate  
individual differences? 
• If they need to do so… 
o Positive correlation raw NL-ratings – raw NNL-ratings 
 
• If they do, algorithms… 
o Adjusting for individual baselines should reduce it                         
o Adjusting for letter baselines only should not 
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Substantial correlation indeed 
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Reversed & inflated by algorithm supposedly reducing it 
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Substantial, but not impressive 
Should NL-preferences correlate with explicitly 
measured self-esteem?  
Assumed relationship 
implicit/explicit self-esteem 
Unrelated 
No           
correlation 
Overlapping 
Moderate/low 
positive 
Identical 
High   
positive 
Do algorithms affect correlation with explicitly 
measured self-esteem? 
• If so…  
o Correlation between explicit self-esteem and NL-
preference scores as obtained through them > correlation 
between explicit self-esteem and raw NL-ratings 
Correlation NL-liking & explicit SE 
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Study 1 
No improvement ~ algorithm (# = p < .075; * = p < .05) 
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Not higher for initials than for non-initials 
Conclusion 
• Algorithms do not lead to ‘better’ implicit self-esteem scores 
(in this sample) 
 
• No reason to focus on INs 
 
Study 1 
Study 2 (Hoorens, Takano, Franck, Roberts, & Raes, in press) 
• Relationship with explicit self-esteem  
o State & Trait Self-Esteem 
o Concurrent & Future Self-Esteem 
 
• Reliability name-letter preference scores 
o Test-retest 
o Internal consistency 
 
 Design & overview of procedures 
• Community sample N = 164; 106 ♀; 17-67, 54.9 % higher ed.  
 
• Self-administered questionnaires, 6 months-period 
 
• Day 1: Trait Rosenberg (‘generally’, 4-point scale) 
 
• Day 1-7:  
o Name-Letter Rating Task  
• Rating beauty of letters of the alphabet 
• 9-point scale, 1 (not at all beautiful) to 9 (very beautiful) 
• Base-line correction; baselines calculated per day 
o State Rosenberg (‘today’, 10-point scale) 
 
• Day 1 + 6 months: Trait Rosenberg 
Study 2 
• Correlation between scores on 2 days 
 
• Initials:      .53  .79 
 
• Non-initials:     .68  .88  
 
• All name-letters:    .68  .89 
Test-rest reliability Study 2 
Correlation with explicit self-esteem 
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Study 2 
Multilevel analysis involving NL-
preference scores & State SE 
Study 2 
• NL-preferences reflecting individual differences vs. 
daily fluctuations in state self-esteem? 
 
• Initials: 
o Individual differences 
 
• Non-initials: 
o Individual differences 
o Daily fluctuations 
Conclusion 
• Reliability to be gained from including non-initials in NL-
preference score 
 
• Initial and non-initial preferences tap into self-esteem 
o Non-initials capture trait self-esteem & daily fluctuations  
o Initials capture average state self-esteem 
 
• Trait self-esteem score  ≠ average of state self-esteem score 
o Trait: individual differences in summary judgment of self-view 
o Average state: individual differences here-and-now self-judgement 
o Repeated state: daily fluctuations here-and-now self-judgement 
 
 
Study 2 
General conclusion… 
in the form of a few recommendations 
• Check if complicated algorithms are needed & effective 
• Examine relationship with both trait & state self-esteem 
(individual differences & daily fluctuations) 
• Assess preferences for NINs as well as INs for better 
o Reliability 
o Validity  
• How to identify NLs without violating anonymity? 
o Present alphabet 
o Have Ps differentiate between letters of their first-last 
name, initials & non-initials 
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